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We present a replay attack dataset, derived from RGBE-Gaze, designed to study event-based liveness detection
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Event-based liveness detection pipeline using eye movements as a challenge-response mechanism to enable real-time response verification Comparison of bona fide and replay attack clips

using Surface of Active Events

V. Saccades and Blink Segmentation

Given a facial video, determine whether the face is genuine or a spoof e Itis possible to characterize a temporal signature of blinks under the activity profile RESU/tS
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Challenge-response: Segment the onset and offset of fast ocular movements (saccades and blinks) _ _ _ . . D i
e The proposed temporal blink segmentation method consists of finding a positive -
prominent peak followed by a negative peak in the difference of the on and off signal 02
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e Saccades do not exhibit the same temporal signature and can therefore be confused User ID
. with other transient motion artifacts, such as slight head movements. We propose a
Our dataset extends the RGBE-Gaze[1] with events and RGB replay attack samples Temporal Convolutional Network (TCN) as baseline Using LOSO-CV, we observe that incorporating the spatial information of events through
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the Surface of Active Events (SAE) improves the average F1-score by 5%

VI. Liveness Detection

¥ Results
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o . e Temporal modeling of event signals enabled accurate segmentation of saccades and
These statistical features suggest a clear class separation; however, we argue that

. .. . . blinks, supporting its use as mechanism for dynamic liveness detection
they may be insufficient for building a robust detection system PP & Y
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